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A speaker segmentation and clustering method combined with IB features

ZHANG Li, ZHANG Lian-hai, XU You-liang

(School of Information Engineering, Information Engineering University, Zhengzhou Henan 450002, China)

Abstract: The performance of the speaker segmentation and clustering system usually degrades
because of lacking prior information about the speakers. To solve the problem, a novel approach that
combines the algorithms based on Information Bottleneck(IB) principle and Hidden Markov Model(HMM)/
Gaussian Mixture Model(GMM) is proposed by using the complementarity of these two algorithms. After
logarithmic transform and Principal Component Analysis to reduce dimension, the output of the IB
algorithm is then used to train the speaker GMM model. Along with the speaker GMM model trained by the
traditional Mel Frequency Cepstral Coefficient(MFCC) feature, the scores between different speaker
clusters are computed respectively and then combined using linear weighted sum method. Lastly, the
HMM/GMM based speaker segmentation and clustering is performed with the combined score.
Experiments show that the IB features provide more prior information for the system and the speaker
match error rate is reduced by 1.2% compared to that in traditional method.
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