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Abstract: In response to the current intelligent anti—-jamming technology's poor performance against
rapidly changing interference, a new type of intelligent anti—jamming technology combined with priori
knowledge networks is proposed. Firstly, a priori knowledge network is constructed to predict the
interference information of the next moment based on historical interference information, enabling the
system to better cope with rapidly changing interference; then, reinforcement learning algorithms are
employed to achieve online learning of new interference patterns, allowing the algorithm to be applicable
to scenarios where the dynamic changes of interference exceed the adaptation range of offline learning
models. The simulation comparison between the proposed algorithm and the reinforcement learning
algorithm without prior knowledge shows that the proposed algorithm has higher decision accuracy and
faster convergence speed when facing rapidly changing interference, and has better adaptability to the
environment, which can effectively carry out intelligent anti—jamming.
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Tablel Simulation parameter settings of communication system Table2 Threshold setting for EVM
modulation type BPSK, QPSK, 16QAM modulation type BPSK QPSK 16QAM
communication frequency 2.4 GHz+3 MHz, 2.4 GHz+6 MHz, ---, 2.4 GHz+27 MHz Brvm 0.3 0.175 0.125
power/mW 50, 100, ---, 500
bandwidth/MHz 0.6,1.2,2.4
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Table3 Convergence results of prior knowledge networks

parameter value
bandwidth/MHz 30 30 20 20
speed/(MHz/s) 450 400 450 400
training set results 0.020 1 0.0199 0.0185 0.0182
test set results 0.020 9 0.0195 0.018 8 0.018 5
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